PRACTICAL STATISTICS FOR DATA SCIENCE

PRACTICAL STATISTICS FOR DATA SCIENCE IS AN ESSENTIAL DISCIPLINE THAT EMPOWERS PROFESSIONALS TO EXTRACT
MEANINGFUL INSIGHTS FROM DATA THROUGH RIGOROUS ANALYSIS AND INTERPRETATION. IN THE RAPIDLY EVOLVING FIELD OF
DATA SCIENCE, UNDERSTANDING STATISTICAL PRINCIPLES IS CRUCIAL FOR BUILDING PREDICTIVE MODELS, VALIDATING
HYPOTHESES, AND MAKING DATA-DRIVEN DECISIONS. THIS ARTICLE EXPLORES THE FOUNDATIONAL CONCEPTS AND ADVANCED
TECHNIQUES OF PRACTICAL STATISTICS TAILORED SPECIFICALLY FOR DATA SCIENCE APPLICATIONS. |T COVERS KEY TOPICS
SUCH AS DESCRIPTIVE STATISTICS, PROBABILITY DISTRIBUTIONS, INFERENTIAL STATISTICS, HYPOTHESIS TESTING, REGRESSION
ANALYSIS, AND THE ROLE OF STATISTICAL THINKING IN MACHINE LEARNING. BY INTEGRATING STATISTICAL METHODS WITH
COMPUTATIONAL TOOLS, DATA SCIENTISTS CAN ENHANCE MODEL ACCURACY AND ENSURE ROBUST RESULTS. THE DISCUSSION
ALSO HIGHLIGHTS COMMON CHALLENGES AND BEST PRACTICES FOR APPLYING STATISTICS EFFECTIVELY IN REAL-WORLD DATA
SCIENCE PROJECTS. THE FOLLOWING SECTIONS WILL PROVIDE A COMPREHENSIVE GUIDE TO MASTERING PRACTICAL STATISTICS
FOR DATA SCIENCE.

DESCRIPTIVE STATISTICS AND DATA EXPLORATION

e PROBABILITY DISTRIBUTIONS AND THEIR APPLICATIONS

® [NFERENTIAL STATISTICS AND HYPOTHESIS TESTING

® REGRESSION ANALYSIS AND PREDICTIVE MODELING

® STATISTICAL THINKING IN MACHINE LEARNING

BesT PrAaCTICES AND COMMON PITFALLS IN APPLIED STATISTICS

DesSCRIPTIVE STATISTICS AND DATA EXPLORATION

DESCRIPTIVE STATISTICS FORM THE BACKBONE OF PRACTICAL STATISTICS FOR DATA SCIENCE BY SUMMARIZING AND ORGANIZING
DATA TO REVEAL UNDERLYING PATTERNS AND TRENDS. THIS INITIAL STEP IS CRITICAL FOR UNDERSTANDING THE STRUCTURE AND
CHARACTERISTICS OF DATASETS BEFORE APPLYING MORE COMPLEX ANALYSES. COMMON DESCRIPTIVE MEASURES INCLUDE
CENTRAL TENDENCY METRICS SUCH AS MEAN, MEDIAN, AND MODE, WHICH DESCRIBE TYPICAL VALUES WITHIN A DATASET.
ADDITIONALLY, MEASURES OF DISPERSION LIKE VARIANCE, STANDARD DEVIATION, AND INTERQUARTILE RANGE QUANTIFY THE
SPREAD OR VARIABILITY OF DATA POINTS. VISUAL EXPLORATORY TOOLS SUCH AS HISTOGRAMS, BOX PLOTS, AND SCATTER
PLOTS COMPLEMENT NUMERICAL SUMMARIES, ENABLING CLEARER INTERPRETATION OF DISTRIBUTIONS AND RELATIONSHIPS.

MeASURES oF CENTRAL TENDENCY

MEASURES OF CENTRAL TENDENCY ARE STATISTICAL VALUES THAT REPRESENT THE CENTER OR TYPICAL VALUE OF A DATASET.
THE MEAN CALCULATES THE ARITHMETIC AVERAGE, PROVIDING A STRAIGHTFORWARD SUMMARY BUT CAN BE INFLUENCED BY
OUTLIERS. THE MEDIAN IDENTIFIES THE MIDDLE VALUE WHEN DATA IS ORDERED AND IS MORE ROBUST AGAINST EXTREME VALUES.
MODE REFERS TO THE MOST FREQUENTLY OCCURRING VALUE, USEFUL PRIMARILY IN CATEGORICAL DATA ANALYSIS. SELECTING
THE APPROPRIATE MEASURE DEPENDS ON DATA CHARACTERISTICS AND ANALYSIS GOALS.

MEASURES OF DISPERSION

MEASURES OF DISPERSION ASSESS THE VARIABILITY OR SPREAD WITHIN A DATASET, PROVIDING CONTEXT TO CENTRAL
TENDENCY METRICS. V ARIANCE QUANTIFIES THE AVERAGE SQUARED DEVIATION FROM THE MEAN, \WHILE STANDARD DEVIATION IS
ITS SQUARE ROOT, EXPRESSED IN THE ORIGINAL DATA UNITS. THE INTERQUARTILE RANGE (|QR) CALCULATES THE RANGE
BETWEEN THE 25TH AND 75TH PERCENTILES, HIGHLIGHTING THE MIDDLE 500/0 OF DATA AND HELPING IDENTIFY OUTLIERS.



UNDERST ANDING DISPERSION IS VITAL FOR INTERPRETING DATA RELIABILITY AND CONSISTENCY.

PROBABILITY DISTRIBUTIONS AND THEIR APPLICATIONS

PROBABILITY DISTRIBUTIONS DESCRIBE HOW THE VALUES OF A RANDOM VARIABLE ARE DISTRIBUTED, FORMING A FUNDAMENTAL
COMPONENT OF PRACTICAL STATISTICS FOR DATA SCIENCE. KNOWLEDGE OF THESE DISTRIBUTIONS FACILITATES MODELING
UNCERTAINTY AND VARIABILITY IN DATA. COMMON PROBABILITY DISTRIBUTIONS INCLUDE DISCRETE DISTRIBUTIONS LIKE THE
BINOMIAL AND POISSON, AND CONTINUOUS DISTRIBUTIONS SUCH AS THE NORMAL (GAUSSIAN)/ EXPONENTIAL/ AND UNIFORM
DISTRIBUTIONS. EACH DISTRIBUTION HAS UNIQUE PROPERTIES AND APPLICATIONS DEPENDING ON THE NATURE OF THE DATA AND
THE PROBLEM DOMAIN.

DiscreTE PROBABILITY DISTRIBUTIONS

DISCRETE DISTRIBUTIONS APPLY TO COUNTABLE OUTCOMES OR EVENTS. THE BINOMIAL DISTRIBUTION MODELS THE NUMBER OF
SUCCESSES IN A FIXED NUMBER OF INDEPENDENT BERNOULLI TRIALS, USEFUL IN CLASSIFICATION PROBLEMS AND SUCCESS/FAILURE
SCENARIOS. THE POISSON DISTRIBUTION DESCRIBES THE PROBABILITY OF A GIVEN NUMBER OF EVENTS OCCURRING IN A FIXED
INTERVAL OF TIME OR SPACE, OFTEN USED IN QUEUEING THEORY AND RARE EVENT MODELING.

CoNTINUOUS PrROBABILITY DISTRIBUTIONS

CONTINUOUS DISTRIBUTIONS CHARACTERIZE VARIABLES THAT CAN TAKE ANY VALUE WITHIN A RANGE. THE NORMAL
DISTRIBUTION IS CENTRAL TO MANY STATISTICAL METHODS DUE TO THE CENTRAL LIMIT THEOREM, WHICH STATES THAT SUMS
OF INDEPENDENT VARIABLES TEND TOWARD NORMALITY. EXPONENTIAL DISTRIBUTION MODELS WAITING TIMES BETWEEN EVENTS IN
A PoISSON PROCESS. UNDERSTANDING THESE DISTRIBUTIONS ASSISTS DATA SCIENTISTS IN PERFORMING PROBABILISTIC MODELING
AND SIMULATION.

INFERENTIAL STATISTICS AND HYPOTHESIS TESTING

INFERENTIAL STATISTICS ENABLE DATA SCIENTISTS TO DRAW CONCLUSIONS ABOUT POPULATIONS BASED ON SAMPLE DATA, A
CRITICAL ASPECT OF PRACTICAL STATISTICS FOR DATA SCIENCE. THIS INVOLVES ESTIMATING POPULATION PARAMETERS,
CONSTRUCTING CONFIDENCE INTERVALS, AND CONDUCTING HYPOTHESIS TESTS TO EVALUATE ASSUMPTIONS OR CLAIMS.
ROBUST INFERENTIAL TECHNIQUES HELP VALIDATE FINDINGS AND QUANTIFY UNCERTAINTY IN PREDICTIVE MODELS AND
EXPERIMENTAL RESULTS.

CONFIDENCE INTERVALS

CONFIDENCE INTERVALS PROVIDE A RANGE OF PLAUSIBLE VALUES FOR A POPULATION PARAMETER, SUCH AS THE MEAN OR
PROPORTION, BASED ON SAMPLE DATA. THEY QUANTIFY THE PRECISION OF AN ESTIMATE AND THE ASSOCIATED UNCERTAINTY,
TYPICALLY EXPRESSED AT CONFIDENCE LEVELS LIKE 95% or 999. PROPER INTERPRETATION OF CONFIDENCE INTERVALS IS
ESSENTIAL FOR ASSESSING THE RELIABILITY OF STATISTICAL INFERENCES.

HypoTHEsIS TESTING FRAMEWORK

HYPOTHESIS TESTING INVOLVES FORMULATING A NULL HYPOTHESIS (HO) AND AN ALTERNATIVE HYPOTHESIS (H1), THEN USING
SAMPLE DATA TO DECIDE WHETHER TO REJECT HO. COMMON TESTS INCLUDE T-TESTS FOR COMPARING MEANS, CHI-SQUARE
TESTS FOR CATEGORICAL DATA, AND ANOV A FOR ANALYZING VARIANCE AMONG GROUPS. THE SIGNIFICANCE LEVEL (ALPHA)
CONTROLS THE PROBABILITY OF TYPE | ERRORS, WHILE POWER ANALYSIS HELPS MANAGE T YPE || ERRORS. CORRECT
APPLICATION OF HYPOTHESIS TESTING IS FOUNDATIONAL FOR MAKING EVIDENCE-BASED DECISIONS IN DATA SCIENCE.



REGRESSION ANALYSIS AND PREDICTIVE MODELING

REGRESSION ANALYSIS IS A CORNERSTONE OF PRACTICAL STATISTICS FOR DATA SCIENCE, ENABLING THE MODELING OF
RELATIONSHIPS BETWEEN DEPENDENT AND INDEPENDENT VARIABLES. |T SUPPORTS PREDICTIVE ANALYTICS BY ESTIMATING THE
IMPACT OF PREDICTORS ON OUTCOMES AND FORECASTING FUTURE OBSERVATIONS. V ARIOUS REGRESSION TECHNIQUES ADDRESS
DIFFERENT DATA STRUCTURES AND COMPLEXITIES, FROM SIMPLE LINEAR MODELS TO ADVANCED NONLINEAR AND REGULARIZED
METHODS.

SIMPLE AND MULTIPLE LINEAR REGRESSION

SIMPLE LINEAR REGRESSION MODELS THE RELATIONSHIP BETWEEN A SINGLE PREDICTOR AND A CONTINUOUS OUTCOME USING A
LINEAR EQUATION. MULTIPLE LINEAR REGRESSION EXTENDS THIS TO MULTIPLE PREDICTORS, ACCOUNTING FOR THEIR COMBINED
EFFECTS. THESE MODELS HELP QUANTIFY ASSOCIATIONS, IDENTIFY SIGNIFICANT VARIABLES, AND GENERATE PREDICTIONS WITH
INTERPRET ABLE COEFFICIENTS. ASSUMPTIONS SUCH AS LINEARITY, INDEPENDENCE, AND HOMOSCEDASTICITY MUST BE VALIDATED
FOR RELIABLE RESULTS.

REGULARIZATION TECHNIQUES

REGULARIZATION METHODS LIKE RIDGE AND LLASSO REGRESSION ADDRESS ISSUES OF MULTICOLLINEARITY AND OVERFITTING BY
ADDING PENALTY TERMS TO THE LOSS FUNCTION. RIDGE REGRESSION PENALIZES THE SUM OF SQUARED COEFFICIENTS, SHRINKING
ESTIMATES TOWARD ZERO, WHILE LASSO PERFORMS VARIABLE SELECTION BY FORCING SOME COEFFICIENTS TO ZERO. T HESE

TECHNIQUES IMPROVE MODEL GENERALIZABILITY, ESPECIALLY IN HIGH-DIMENSIONAL DATA TYPICAL OF DATA SCIENCE PROJECTS.

STATISTICAL THINKING IN MACHINE LEARNING

INTEGRATING STATISTICAL THINKING INTO MACHINE LEARNING ENHANCES MODEL ROBUSTNESS, INTERPRETABILITY, AND VALIDITY.
PRACTICAL STATISTICS FOR DATA SCIENCE PROVIDES THE THEORETICAL FOUNDATION FOR EVALUATING ALGORITHMS, TUNING
HYPERPARAMETERS, AND UNDERSTANDING MODEL BEHAVIOR UNDER UNCERTAINTY. STATISTICAL CONCEPTS HELP IN DESIGNING
EXPERIMENTS, CROSS-VALIDATION STRATEGIES, AND PERFORMANCE METRICS CRITICAL FOR MACHINE LEARNING \WORKFLOWS.

MoDEL EVALUATION METRICS

STATISTICAL MEASURES SUCH AS ACCURACY, PRECISION, RECALL, F1 SCORE, AND AREA UNDER THE ROC CURVE QUANTIFY
MACHINE LEARNING MODEL PERFORMANCE. UUNDERSTANDING THE STATISTICAL PROPERTIES OF THESE METRICS ALLOWS DATA
SCIENTISTS TO BALANCE TRADE-OFFS BETWEEN FALSE POSITIVES AND FALSE NEGATIVES EFFECTIVELY. ADDITIONALLY/ RESIDUAL
ANALYSIS AND DIAGNOSTIC PLOTS AID IN DETECTING MODEL BIASES AND ASSUMPTIONS VIOLATIONS.

CROSS-VALIDATION AND RESAMPLING

CROSS-VALIDATION IS A STATISTICAL TECHNIQUE USED TO ASSESS THE GENERALIZABILITY OF MACHINE LEARNING MODELS BY
PARTITIONING DATA INTO TRAINING AND TESTING SUBSETS MULTIPLE TIMES. METHODS SUCH AS K-FOLD CROSS-VALIDATION AND
BOOTSTRAP RESAMPLING PROVIDE UNBIASED ESTIMATES OF MODEL PERFORMANCE. THESE APPROACHES MITIGATE OVERFITTING
AND PROMOTE THE SELECTION OF MODELS THAT PERFORM WELL ON UNSEEN DATA.

BesT PrACTICES AND COMMON PITFALLS IN APPLIED STATISTICS

ADHERING TO BEST PRACTICES IN PRACTICAL STATISTICS FOR DATA SCIENCE ENSURES THE RELIABILITY AND CREDIBILITY OF
ANALYTICAL OUTCOMES. AWARENESS OF COMMON PITFALLS PREVENTS MISINTERPRETATION AND MISUSE OF STATISTICAL
METHODS. DATA SCIENTISTS MUST APPROACH ANALYSIS WITH METHODOLOGICAL RIGOR AND CRITICAL EVALUATION TO AVOID



ERRORS THAT COULD COMPROMISE DECISION-MAKING.

ENSURE DATA QUALITY: CLEAN/ PREPROCESS, AND VALIDATE DATASETS TO AVOID BIASES AND INACCURACIES.
o UNDERSTAND ASSUMPTIONS: VERIFY STATISTICAL ASSUMPTIONS BEFORE APPLYING MODELS OR TESTS.

* AVOID P-HACKING: RESIST MANIPULATING DATA OR TESTS TO ACHIEVE DESIRED SIGNIFICANCE.

® INTERPRET RESULTS CONTEXTUALLY: CONSIDER DOMAIN KNOWLEDGE AND PRACTICAL IMPLICATIONS.

® DOCUMENT PROCESSES: MAINTAIN TRANSPARENCY IN METHODS AND ANALYSES FOR REPRODUCIBILITY.

o USE APPROPRIATE SAMPLE SIZES: ENSURE SUFFICIENT DATA TO SUPPORT VALID INFERENCES.

RECOGNIZING THESE GUIDELINES FOSTERS A DISCIPLINED APPROACH TO STATISTICAL ANALYSIS, ENHANCING THE IMPACT AND
TRUSTWORTHINESS OF DATA SCIENCE PROJECTS.

FREQUENTLY AskeD QUESTIONS

\WHAT IS THE IMPORTANCE OF PRACTICAL STATISTICS IN DATA SCIENCE?

PRACTICAL STATISTICS PROVIDES DATA SCIENTISTS WITH ESSENTIAL TOOLS TO SUMMARIZE, ANALYZE, AND INTERPRET DATA
EFFECTIVELY, ENABLING BETTER DECISION-MAKING AND PREDICTIVE MODELING.

\W/HICH STATISTICAL CONCEPTS ARE MOST COMMONLY USED IN DATA SCIENCE
PROJECTS?P

COMMON STATISTICAL CONCEPTS IN DATA SCIENCE INCLUDE DESCRIPTIVE STATISTICS, PROBABILITY DISTRIBUTIONS,
HYPOTHESIS TESTING, REGRESSION ANALYSIS, AND BAYESIAN INFERENCE.

How DOES HYPOTHESIS TESTING APPLY TO DATA SCIENCE WORKFLOWS?

HYPOTHESIS TESTING HELPS DATA SCIENTISTS DETERMINE IF OBSERVED PATTERNS IN DATA ARE STATISTICALLY SIGNIFICANT OR
DUE TO RANDOM CHANCE, GUIDING CONFIDENT CONCLUSIONS AND BUSINESS DECISIONS.

\W/HAT ROLE DOES REGRESSION ANALYSIS PLAY IN PRACTICAL STATISTICS FOR DATA
SCIENCE?

REGRESSION ANALYSIS MODELS RELATIONSHIPS BETWEEN VARIABLES, ALLOWING DATA SCIENTISTS TO PREDICT OUTCOMES,
IDENTIFY TRENDS, AND UNDERSTAND THE IMPACT OF DIFFERENT FACTORS.

How CAN DATA SCIENTISTS HANDLE OUTLIERS USING STATISTICAL METHODS?

DATA SCIENTISTS USE STATISTICAL TECHNIQUES LIKE Z-SCORES, |QR (INTERQUARTILE RANGE), AND ROBUST REGRESSION TO
DETECT AND APPROPRIATELY HANDLE OUTLIERS WITHOUT SKEWING ANALYSIS.

\NWHY IS UNDERSTANDING PROBABILITY DISTRIBUTIONS ESSENTIAL FOR DATA



SCIENTISTS?

UNDERSTANDING PROBABILITY DISTRIBUTIONS ENABLES DATA SCIENTISTS TO MODEL UNCERTAINTY, SIMULATE SCENARIOS, AND
APPLY THE CORRECT STATISTICAL TESTS BASED ON DATA CHARACTERISTICS.

\W/HAT ARE SOME PRACTICAL TIPS FOR APPLYING STATISTICS IN REAL-WORLD DATA
SCIENCE PROBLEMS?

PRACTICAL TIPS INCLUDE VALIDATING ASSUMPTIONS BEFORE APPLYING STATISTICAL TESTS, VISUALIZING DATA TO DETECT
PATTERNS, USING APPROPRIATE SAMPLING METHODS, AND COMBINING DOMAIN KNOWLEDGE WITH STATISTICAL INSIGHTS.

ADDITIONAL RESOURCES

1. PRACTICAL STATISTICS FOR DATA SCIENTISTS: 50 EssSenTIAL CONCEPTS

THIS BOOK PROVIDES A CLEAR AND CONCISE INTRODUCTION TO THE FUNDAMENTAL STATISTICAL CONCEPTS NECESSARY FOR
DATA SCIENCE. IT COVERS TOPICS SUCH AS EXPLORATORY DATA ANALYSIS, STATISTICAL EXPERIMENTS, REGRESSION, AND
CLASSIFICATION WITH PRACTICAL EXAMPLES. THE FOCUS IS ON APPLYING STATISTICS TO REAL-\WORLD DATA PROBLEMS USING
MODERN TOOLS. |T IS IDEAL FOR DATA SCIENTISTS LOOKING TO STRENGTHEN THEIR STATISTICAL FOUNDATION.

2. STATISTICS FOR DATA SCIENCE: LEVERAGING DATA ANALYSIS FOR BUSINESS DECISIONS

THIS TITLE BRIDGES THE GAP BETWEEN STATISTICS AND BUSINESS APPLICATIONS, EMPHASIZING THE ROLE OF DATA ANALYSIS IN
MAKING INFORMED DECISIONS. |T EXPLAINS STATISTICAL METHODS IN AN ACCESSIBLE WAY, WITH CASE STUDIES FROM VARIOUS
INDUSTRIES. READERS WILL LEARN HOW TO INTERPRET DATA, DESIGN EXPERIMENTS, AND VALIDATE MODELS EFFECTIVELY.

3. APPLIED STATISTICS AND PROBABILITY FOR DATA SCIENTISTS

THIS BOOK INTRODUCES APPLIED STATISTICAL METHODS WITH A FOCUS ON PROBABILITY THEORY AND ITS APPLICATION IN
DATA SCIENCE. IT COVERS HYPOTHESIS TESTING, PROBABILITY DISTRIBUTIONS, BAYESIAN STATISTICS, AND MORE. PRACTICAL
EXAMPLES AND EXERCISES HELP READERS GAIN HANDS-ON EXPERIENCE IN ANALYZING DATA AND MAKING PREDICTIONS.

4. DATA SCIENCE FROM SCRATCH: STATISTICS AND PROBABILITY ESSENTIALS

DESIGNED FOR BEGINNERS, THIS BOOK EXPLAINS THE CORE STATISTICAL AND PROBABILISTIC CONCEPTS UNDERPINNING DATA
SCIENCE. |T INCLUDES CODE SNIPPETS AND ALGORITHMS IMPLEMENTED FROM SCRATCH, HELPING READERS UNDERSTAND THE
MECHANICS BEHIND COMMON TECHNIQUES. THE BOOK FOSTERS A DEEPER COMPREHENSION OF HOW STATISTICAL METHODS POWER
DATA SCIENCE TOOLS.

5. STATISTICAL METHODS FOR MACHINE LEARNING: PRACTICAL TECHNIQUES FOR DATA ANALYSIS

THIS BOOK FOCUSES ON THE STATISTICAL FOUNDATIONS OF MACHINE LEARNING ALGORITHMS AND THEIR PRACTICAL
APPLICATIONS. TOPICS INCLUDE REGRESSION, CLASSIFICATION, CLUSTERING, AND DIMENSIONALITY REDUCTION WITH A
STATISTICAL PERSPECTIVE. |T PROVIDES INSIGHTS INTO MODEL EVALUATION, VALIDATION, AND IMPROVING PREDICTIVE
PERFORMANCE.

6. BAYESIAN STATISTICS FOR DATA SCIENCE: A PRACTICAL APPROACH

EMPHASIZING BAYESIAN INFERENCE, THIS BOOK GUIDES READERS THROUGH THE PRINCIPLES AND APPLICATIONS OF BAYESIAN
METHODS IN DATA SCIENCE. |T COVERS PRIOR DISTRIBUTIONS, POSTERIOR ANALYSIS, MARKOV CHAIN MONTE CARLO
TECHNIQUES, AND REAL-WORLD EXAMPLES. THE BOOK IS SUITABLE FOR DATA SCIENTISTS INTERESTED IN PROBABILISTIC
MODELING AND DECISION-MAKING UNDER UNCERTAINTY.

7. ExXPLORATORY DATA ANALYSIS WITH R AND PRACTICAL STATISTICS FOR DATA SCIENCE

THIS COMBINED APPROACH BOOK TEACHES EXPLORATORY DATA ANALYSIS (EDA) TECHNIQUES ALONGSIDE ESSENTIAL
STATISTICAL CONCEPTS USING R PROGRAMMING. READERS LEARN TO VISUALIZE DATA, DETECT PATTERNS, AND PERFORM
HYPOTHESIS TESTING EFFECTIVELY. IT'S A PRACTICAL GUIDE TO UNDERSTANDING DATA AND PREPARING T FOR MODELING.

8. REGRESSION ANALYSIS FOR DATA SCIENCE: THEORY AND PRACTICE

FOCUSING ON REGRESSION TECHNIQUES, THIS BOOK COVERS LINEAR, LOGISTIC, AND ADVANCED REGRESSION MODELS USED IN
DATA SCIENCE PROJECTS. |T EXPLAINS MODEL ASSUMPTIONS, DIAGNOSTICS, AND INTERPRETATION WITH PRACTICAL EXAMPLES.
READERS WILL GAIN SKILLS TO BUILD AND EVALUATE PREDICTIVE MODELS ACCURATELY.



Q. FUNDAMENTALS OF STATISTICAL LEARNING FOR DATA SCIENCE

THIS BOOK OFFERS A COMPREHENSIVE INTRODUCTION TO STATISTICAL LEARNING METHODS RELEVANT TO DATA SCIENCE. |T
INCLUDES SUPERVISED AND UNSUPERVISED LEARNING, MODEL SELECTION, AND EVALUATION STRATEGIES. THE TEXT BALANCES
THEORY WITH PRACTICAL APPLICATIONS, PROVIDING READERS WITH TOOLS TO EXTRACT INSIGHTS FROM COMPLEX DATA SETS.
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